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Conclusion
» Three different types of n-grams, each with a different
Merged characteristic, collectively can catch passages obfuscated
differently. These methods can be combined in such a way that
they do not hurt the overall quality of detection of the system.
Merging * Main area that needs improvement is granularity. Named entity n-
gram matching inherently produces sparse matches. Although we
removed too short passages, removing any more would cost us
precision and recall.
Not Merged
* QOur postprocessing approach helps to increase detection without
compromising the precision. Making our postprocessing approach
lenient will help us reduce granularity but will decrease the
precision.
Passages in the vicinity of plagiarised passages are more * QOur approach produces comparatively balanced results across
likely to be plagiarised. ~different forms of obfuscations.
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