Author Diarization (Task A, Task B, Task C)
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Sentences
Step 3. Lexical Features Computation
Step 4. Distance Calculation

Step 5: ClustDist Computation

Step 6. Generating Clusters

Training Dataset . Best Results

Micro-recall Micro-Precision Micro-F Macro-Recall Macro-Precision

0.1493 0.2655 0.1911 0.1648 0.2064

Bcubed-recall Bcubed-Precision

0.4823 0.28601

Bcubed-recall Bcubed-Precision Bcubed-F

0.5464 0.2822 0.3722

Testing Dataset : All Tasks Results

Results of Task A Results of Task B
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Sentences | Micro-recall | micro-precision | micro-f | macro-recall | macro-precision | macro-f = P
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Conclusion

Different size of fragments to get better results.

Calculation of 17 lexical features.

Calculation of ClustDist.

0.5464 .2822 0.3722
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Future Work

« content based, topic based and stylistic features in combination

with the ClustDist method will be explored.
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