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TIREX: The Information Retrieval Experiment Platform

TIREx Integrates Existing Tools: Shared Tasks with Software Submissions
TIRA Why?
0o o Reproducible shared tasks o Reproducibility and replicability are long-standing problems
o Software submissions o We can not ensure that LLMs are not trained on test data

o blinded experiments

How?
o Organizers upload docker image with ir_datasets integration
o Participants upload docker images with retrieval approaches
o Sandboxed and blinded execution of immutable software

(\ Pylermer o Improves reproducibility
o Reproducibility pipelines o Potentially confidential data

Ir_ datasets
o Unified data access
o Documents + queries + grels

Towards Reproducible and Replicable Shared Tasks in IR via Software Submissions

X X X

Organizer Participant Researcher
® =
Corpus / Topics _ Task-specific training data _ Data analytics process
IR datasets Software Tr?'(';'?.g’
P — development wellisizhiiein R
T sl == — process
S . Baselines,

dSKSPECIIG Documentation, < T < >

data Tutorial T — | T e

o - Archived Reproducibilty

T shared tasks notebooks
Relevance \ Software
judgements submission i = i =
> - A
Configure TIRA process Run submission
evaluation _ = Shared task artifacts
Benefits for Organizers Benefits for Post-Hoc Experiments
o Approaches submitted to previous editions can be re-executed Repeat, replicate, and reproduce in one line of code.
o Diversification of pools for shared tasks with few participants Organizers of a shared task can publish the artifacts produced during
o Test data can remain private the shared task as a git repository. Researchers can use the resulting
o Integration to ir datasets increases the adoption of the dataset shared task artifacts (data and submitted software) in their experiments.
Benefits for Participants TIREX for Other Al Domains
One software submission, evaluation on many datasets o Shared tasks are an important part of domains like NLP and
Multi-stage pipelines are fully supported Computer Vision

Leakage of test data causes problems

TIRA Is compatible with evaluation scenarios beyond IR
Supports GPU-based models

Loading models from Hugging Face Hub

LLM integration: Allows participants to use shared LLMs
Supports experiments with generative models

o Output of previous stages as additional input
o Efficiency by caching due to immutability of software

Support for Re-Rankers
o Unified data interface via ir datasets
o Allows modularization: Chain arbitrary re-rankers
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Support for external APls / manual annotations via data uploads

Feasibility Study: 50 Retrieval Models on 32 IR-Benchmarks Your next Experiment?
. : : Metadata and results from
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