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Problem Statement

Goal: Identify political ideology and power (government vs. opposition) in
parliamentary speeches.
Challenges: Multilingual parliamentary speeches, introducing complexity in
identifying political stances across varied languages.
Why this matters: Parliamentary debates influence national policies and
international relations.
Sub-tasks:

Identify ideology (left/right).a.
Identify government/opposition stanceb.



Dataset -
ParlaMint Corpus

Speeches from 28 countries for ideology, 25 for
power
Multilingual text covering multiple political systems
id (unique id for each text)
speaker (unique id for each speaker, multiple
speeches from the same speaker can exist)
sex (gender of the speaker)
text (transcribed text of the parliament speech)
text_en (english translated speech)
label (0 for left/government, 1 for right/opposition)
Real Challenge: Handling diversity across languages
while preserving semantic meaning.

Political Orientation

Power Identification 



Methodology
Data Preprocessing 

Tokenization, Stopword Removal, Lemmatization
Embedding 

TF-IDF
LASER

Classifier
Traditional 

SVC, Logistic Regression, Naive Bayes, Random Forest, Gradient Boosting,
XGBoost,

Deep Learning 
Simple Neural Network, LSTM

Evaluation
F1 score for self evaluation 



Results and Key Insights 
Objective: Classify speeches as government-
oriented or opposition-oriented based on their
ideological stance.
Baseline Performance: F1 score of 0.56.
Our System Performance: We achieved an F1 score
of 0.61, surpassing the baseline by a significant
margin.
Key Improvements: Our hybrid approach, combining
traditional ML (TF-IDF + Logistic Regression) with
deep learning (LASER embeddings + LSTM),
enabled us to better capture nuanced ideological
stances across multiple languages.
Challenges: Variability in ideological rhetoric across
languages required the robust handling of
multilingual texts.

Task - 1



Results and Key Insights 
Task - 2

Objective: Classify whether a speaker belongs to
the government or opposition in parliamentary
debates.
Baseline Performance: F1 score of 0.64.
Our System Performance: We outperformed the
baseline with an F1 score of 0.70, marking a clear
improvement.
Key Factors for Success: The combination of deep
learning methods like LASER embeddings, which
handle multilingual data effectively, alongside
traditional ML models, provided a better distinction
between government and opposition speeches.
Challenges: Multilingual variability and unclear
speaker affiliations posed challenges. Additionally,
capturing the influence of parliamentary context on
power status added complexity to classification.



Conclusion & Future Work
Conclusion:

Successfully identified political ideologies and power structures in
parliamentary debates using diverse features and advanced models.
Addressed challenges posed by multilingual and heterogeneous datasets.

Future Work:
Investigate speech relationships and conversational flow using dialogue act
recognition.
Expand to more languages and legislative contexts to enhance model
generalizability.



We are happy to take any questions or
feedback!

You can also mail us at
maulipatel03@gmail.com

Thank you!
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